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class Agent:
def init_ (self, name, goals):
self.name = name
self.goals = goals
self.memory = []
self.tools = {}

def perceive(self, environment):
# RARER
return environment.get("user_input", "")

def think(self, perception):
# EFRANFIE T

return {"action": "respond", "content": perception}
def act(self, decision):

# PITERMKITSEN
return "$1T/75E: {}".format(decision[ 'content'])
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# FERAER N A

def traditional app(user_input):
response = llm.generate(user_input)
return response

# Eeelih M
def agent _app(user_input, context):
perception = agent.perceive({"user_input": user_input, "context": context})
decision = agent.think(perception)
result = agent.act(decision)
agent.learn({"input": user_input, "result": result})
return result
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class ReactiveAgent:
def init (self):
self.rules = {
"greeting": "{R&F! HEEREHF",
"question": "LEFRFLEMEXA A",
"task": "= HAMEXMES"

}

def respond(self, input_type):
return self.rules.get(input_type, "EAMHEIIEINL")
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class DeliberativeAgent:
def init (self, 1llm):
self.1llm = 11lm
self.planning prompt =
{£%: {task}
B#r: {goal}
15 BB F AR AT X -

def plan_and_execute(self, task, goal):
plan = self.llm.generate(
self.planning prompt.format(task=task, goal=goal))
steps = plan.split('\n")
results = []
for step in steps:
if step.strip():
result = self.execute step(step)
results.append(result)
return results
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from langgraph import StateGraph

# AIERSE

workflow = StateGraph()

workflow.add node("analyze", analyze task)
workflow.add node("plan", create plan)
workflow.add node("execute", execute plan)
workflow.add edge("analyze", "plan")
workflow.add edge("plan", "execute")

app = workflow.compile()
result = app.invoke({"task": "SHiIFHEIE"})
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from crewai import Agent, Task, Crew

# gL L ERE
researcher = Agent(role="®fRZA", goal="KEMOER")
writer = Agent(role="E{E&", goal="g|fEEHRENA")

# EXMEES
research_task = Task(description="fRAL%LE#3#", agent=researcher)
writing task = Task(description="#5iHZRIKxLE", agent=writer)

# ZHEEREMEPA

crew = Crew(agents=[researcher, writer],
tasks=[research_task, writing task])

result = crew.kickoff()
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